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Econometrics-

Large Models Aid
GNP Forecasters

—

Erfétl_smn makers in government
. Industry have turned increas-
mgt)?_ n recent years to econo-
= ric models for forecasts of
shifl;,mmc change. Reflected in this
e are not gnly the strides made
ticmconometmcs but also the forma-
resuﬁ,i firms created to market
e of large-scale econometric
- els, By and large, these models
e € performed quite well in
Iecastmg economic changes.
nat? forecasting growth in gross
= onal product in 1971 and 1972,
WGrzxampIe, several large models
S more accurate than a running
IVey of leading economists.
us ere the survey of forecasters
icaliﬁed by the American Statis-
With ¢ hssoczat:,lon in conjunction
g e National Bureau of Eco-
e 1Ic Research was closer to
Ual GNP nine months out of the
» Ohe model was closer 15 times.
orgonometrics has come as a
o or less nattural outg_rowth of
Oveamenua.ls in economic theory.
ol thed by general principles
i lE’!Xpenence has shown to be
nEVer};; }?ependable, €conomics was,
Sl eless, preventec} until very
i fYears_frorx} providing the
e :d detallegl mfo;‘rnation
e for rapid policy responses
anging situations.
appﬁt}:{JUgh its principles could be
ccong with reaso_nable confidence,
the mics often did not provide
Sionsatt? needed for timely deci-
e nhk_e sciences that allow
trol iiilniaratlon of data qnder con-
Boons _aboratory conditions,
real~lilfmc? has always dealt with
; e situations. With many
a‘zrglated economic factors
tion ging at the same time, isola-
of the effects of any one
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change on any other was compli-
cated and yielded imprecise results.

Much economic behavior has
been understood for a long time,
but few statistical results were
meaningful until the widespread
use of computers after World
War II. Development of accurate
data collection methods paralleled
the development of high-speed
computer equipment and opened
the way for major breakthroughs
not only in forecasting economic
change but in analyzing changes.
By making alternative assump-
tions about previous economic con-
ditions and testing these assump-
tions in computer simulations,
economists gained new insights
into the workings of the economic
system.

Recognition of the growing re-
finement and usefulness of econom-
ics was evidenced in 1969 by the
establishment of a Nobel Prize
in economics. And the first prize
was awarded to two Europeans
(Ragnar Frisch and Jan Tin-
bergen) for their pioneering con-
tributions to the building of econo-
metric models.

The matter of models . . .

To examine the facts of a situation,
without straying from the essen-
tials, economists construct simpli-
fied representations of economic
behavior. These representations
are called models.

In studying consumption, for ex-
ample, an economist might survey
a very large number of households
to find out why their spending pat-
terns are what they are. But he
would get an enormous variety of
answers. If he could survey mem-
bers of every household in the

country, he would, undoubtedly,
get thousands—even many thou-
sands—of different answers. In ad-
dition to increases in income, he
would learn that many families
listed as reasons for changes in
their spending patterns such devel-
opments as an illness, death, or
wedding in the family.

Results of such an unstructured
survey would provide little basis
for generalizations about changes
in consumer spending. But by ap-
plying general theories of economic
behavior to his study, the econ-
omist could impose a structure on
his observations. And being based
on cause and effect relationships,
this structure would allow him to
capture the implications of the
survey, making its results more
comprehensible.

Such a procedure would allow
him to determine relationships, for
example, between consumer expen-
ditures and personal income. And
this link between income and out-
lays would be—even for a compara-
tively small number of households
—an economic model that could be
used in analyzing changes in the
spending patterns of all consumers.

An economic model becomes
econometric when mathematical
and statistical techniques are ap-
plied to the investigator’s observa-
tions to quantify relationships in
the model. These relationships can
then be expressed as algebraic
equations. With an econometric
model, annual reports of income
and consumption can be related
over long periods, allowing inves-
tigators to generalize, for example,
that on average for every dollar
rise in income since World War I,
consumption has risen 93 cents.



Model D came remarkably close

in forecasting nominal GNP in 1971. ..
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The idea “on average” reflects
the type of measurement being
used. Unlike physical measure-
ments, which apply to objects and
their movements, econometric
measurements apply to patterns of
human behavior.

There is an element of error in
all econometric measurements that
is almost totally absent in the
proper calculation of physical laws.
But while there are unexplained
variations in even the best calcula-
tions of economic relationships, an
econometrician can still estimate
the extent of variation—the size of
the error.

2

He can determine, for example,
the percentage of variation in con-
sumption regularly associated with
changes in income. In quantifying
the applicable relations in eco-
nomic theory, he might find that
99 times out of 100, consumption
rises between 90 cents and 96
cents for every $1 rise in income.
With this fairly precise identifica-
tion of economic events, he is
better able to predict future ten-
dencies in consumer spending.

. .. and their sizes

Econometric models can be built to
answer questions about the opera-

tions of individual companies, in-

dustries, or whole economies.

Much of the interest in economet~

rics focuses on models of the na-

tional economy-macro models.

Basically, there are two ap-
proaches to the construction ofa
macro model-a small-scale and 2
large-scale approach. The small-
scale approach consists of-

e The identification of relation-
ships between such broad mea-
sures of economic activity as
income and consumption, inter-
est rates and the money stock;
or interest rates and business
investment

e The statistical estimation of
these aggregate measures

e The logical combination of the
estimated equations into mo el
Three of the relationships draW"

ing the closest attention have b.een

between income and consumptior
interest rates and the money
supply, and interest rates and 10~
vestment. If government spending
is added to each of these relat10n”
ships, the resulting model can be
used to estimate GNP—gross nd-
tional product, identified as con-
sumption plus investment plus
government spending. This, then

is a simple, small-scale model 0

the domestic economy.

By building larger-scale models:
econometricians can search for
more detailed relationships in
economic behavior. Instead of t13°
ing to estimate merely total con”
sumption, for example, they can
study movements in each of itS.
three main components-spendin®
for durables, nondurables, and $¢*
vices. And they can examine €ac
of these components in detail.
Consumer spending on durable
goods, for example, can be assess®
as relationships affecting spending
on automobiles, household appli-
ances, and other big-ticket family
items. Efforts can also be made
isolate factors causing variations
in the prices of these componeﬂts'



beWhen these relationships have
tioen reduceq to the form of equa-
5 ns and estimated by their close-
= aSS of fit to gctual data, the esti-
intted equations can be collected
0 a single macro model of per-
w?ﬁS 50 or more relationships that
o allow the prediction of not
i y total consumption but also
nléendlng on individual compo-
nts, as well as the prices of each.

Comparative advantages

Both approaches have their advan-
. mgaelsl One ol:_)vious advantage of a
oth model is its lower cost. An-
ber'ls the shorter time required
: hu11d it. While some small mod-
b ave taken two or three years
e lilld, they have not taken
SCalgy as long as the truly large-
fion fl;nodels. And once in opera-
e hey can be maintained by
th ¥ a few economists-and with
im working part time.
5 dv;lOther,_ possibly less obvious,
Scﬂlentage is that when a small-
e I(Iln?d('ﬂ is complete, it can be
eta'ial In its entirety. Being less
g fld, its workings are easier to
o Prehend. But that fact in itself
also be a disadvantage.
the correct relationships have
I)mpeChfosen and included in the
o l‘ orm, a small-scale model
ec(mplethi; broad movements in
acgug;mc aggregates with enough
Which ¢y to satisfy the purpose for
Hob oo 1t was designed. But it can-
. trthOW many of the complex
it ural rela_t:onships operating
s ln the national economy. And
OSSiaf'k of fletail can have two
R ‘:V Serious consequences.
ager 8t, forecasts of specific dis-
:fzted (fiactors, such as con-
o pending on services, say,
hfg:;;(’sfbe made. Second, predic-
chan the effects of specific policy
in fo ges, such as the recent change
anq eral grants-in-aid to state
| ari;ce;l governments (revenue
Sible, t% ﬁgﬁfﬂﬁcult’ if not impos-

been
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All forecasters undershot

in predicting nominal 1972 GNP . . .
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| MODELA

|

A

[ MODEL C ]
e :
[ MODEL D ]
o
[RsURVEYSSESI]
S 3
.. but Model B was, again,
significantly more consistent
| MODEL A ]
A H

|& MODELE |
7 S

16 MODEL C |
x :
[ MODEL D |
A
[ SURVEY |
Y
AVERAGE
I I I I | I
1,035 1,040 1,045 1,050 1,055 1,060 1,065

BILLION DOLLARS

SOURCE: Conference Board

Large-scale models, on the other
hand, offer possibilities for fore-
casts that are as detailed as the
model builder wants them to be.
As a result of the greater detail in
his model, a forecaster can better
advise policy makers on the likely
effects of changes in policies. He
can, for example, compare the var-
ious results of alternative assump-
tions, such as a 6-percent growth
in the money supply as against
an 8-percent growth.

He can also trace effects of
policy decisions throughout the
many sectors of the economy. And
changes brought on by such non-

recurring events as the recent de-
valuation of the dollar can be inter-
preted with greater precision.

Because of the complexity of the
many relationships making up the
nation’s economy, large-scale mod-
ols are often needed for detailed
analysis of economic trends and
fluctuations. The advantages of
these large models, however, have
their price.

Construction of a large model of,
say, 100 equations or more usually
takes many economists. Each a
specialistin a particular sector of
the economy, they are needed for
a long time to develop a usable



model, For the results to be usable,
computer programmers must be
hired. And large amounts of time
on high-speed, large-memory com-
puters are needed to make the
model workable. Even when devel-
opment work is done, one person
would have trouble viewing the
model as a whole. To evaluate its
complex workings properly, several
economists are needed on a con-
tinuing basis.

Judgment in forecasting

Two problems with forecasting
must be worked out, regardless of
the size of the model. The first
arises from the economist’s view
of the economy and the way he de-
velops his model to reflect its
workings. The second is the emer-
gence of special situations, such as
the unusually large federal indi-
vidual income tax refunds this
year, that are not explicitly al-
lowed for in the model.

The first problem results from
the distinction most economists
make between two types of eco-
nomic factors. These factors they
identify as dependent and inde-
pendent variables.

Some variables—such as con-
sumer spending, investment ex-
penditures, interest rates, and un-
employment rates—are influenced
by other factors. Changes in con-
sumer spending, for example, can
result from changes in income, mar-
ket interest rates, and population.
These factors influenced by other
forces are dependent variables.

Other factors, however, are not
determined by the model but re-
spond to influences extraneous to
it, These factors—such as popula-
tion and its composition, the level
of bank reserves, and the discount
rate—are independent variables.

Independent variables are, in a
sense, the drivers of the model.
Many, in fact, are derived from
fiscal and monetary policy assump-
tions. Once their values are known,

4

Model C hitwide of the mark

in forecasting real GNP in 1971 .

ACTUAL REAL GNP

MODEL B
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...and its confidence interval
was by far the largest

a
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the model can be used to compute
values for the dependent variables.
But while changes in indepen-

dent variables may give rise to
changes in dependent variables,
tbe assumption is that the oppo-
site does not occur. As a result, for
an economist to make use of an
econometric model in forecasting,
he must first predict appropriate
future values for the independent
variables. Only then can the model
determine corresponding future
values of dependent variables.

_ This process of making assump-
tions about ongoing economic con-
ditions—the exercise of professional

o

judgment~is essentially the same
for all forecasters, whether they
use econometric models or not.
The difference is that with an
econometric model, the forecaste”
can examine explicit relationship®:
Where he depends only on his
judgment, the forecaster produce®
an outlook based on his “feel of
the situation.”

Whatever the advantages of &
model over judgmental forecast”
ing, however, good judgment 1€
mains crucial to solution of the
second set of problems confront-
ing forecasters. However much
confidence he may have in the




model, an econometrician cannot
allow his forecasting to become
Purely mechanical. If the situa-
tion changes, setting in motion
Considerations not explicitly al-
lOWed_ for in the model, he must
€Xercise great caution in interpret-
Ing results of his studies.

For the conscientious econo-
Wetric forecaster, knowledge of
conditions the model does not al-
OW for explicitly is one of his tools.

mo d.el builder must exercise as
;";UCh judgment in interpreting his
4 Sults as in selecting the assump-
uons used in building the model
10 the first place.

Bases of comparison

g;al_‘ge-sca_le models have been used
mnously in forecasting for little
mzre than a decade. And although
= ny of th_e models that are used
me still being refined, the advances
ade in their development over
the 1f?asi: ten years give promise
tuaulau'ge-s:c:atle models will even-
5 ally provide highly accurate
reca_sts of economic change.
cu;I‘o illustrate the predictive ac-
Omaczg of four representative econ-
19732|‘.luc models, their 1971 and
= for_ecast;s of GNP were com-
= ed with the survey of forecast-

S compiled regularly by the
arrl?letrll]can St.;atistical Association
e e National Bureau of Eco-
the flc Reseath. Because many of
o orecasts included in the sur-

& ti’ta_l‘e based on the use of econo-
ey 1'1(.! models, results of the sur-
ut«':lle somewhat “‘contaminated.”
ing] enough other forecasters are
matl_lded to provIde a fair approxi-
radl'op of a prediction based on
ltional judgmental techniques.
= 80, because survey results
& Eﬁent a consensus of forecast-
5 On’1 ey lack the precision of
Mene of the more experienced judg-
thesta'l forecasters. Some years,
A € Individual forecasters out-
orm the models in estimating
- The consensus forecast is

Byye:
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Forecasters of real 1972 GNP

also fell short of actual output .

ACTUAL REAL GNP

|  MODEL A

.
I .
.
.

A

[ mMODELB 1)
r Y T

=

MODEL C

]

[ mMODEL D J
s .

[ SURVEY ]!
A .

...and they were all
about equal in consistency

[ MODEL A
£

[ MODELB _ 4
2 :

| MODEL C |
[y
[ MODEL D =l
‘ W
i SURVEY |
[y H
AVERAGE :
I I I I I I I
770 775 780 785 790 795 800

BILLION DOLLARS

SOURCE: Conference Board

used, however, merely as a bench-
mark for reviewing the perfor-
mance of representative econo-
metric models—not for evaluating
the performance of jud gmental
forecasts.

The econometric models are all
medium to large, ranging in size
from one with 35 behavioral equa-
tions (meaning estimates of rela-
tionships between such variables
as income and consumption) and
eight definitional equations (mean-
ing identifications of variables,
such as consumption expressed as
the sum of its components) to one
with 109 behavioral equations and

133 definitional equations. Like
the survey, all four econometric
groups make revisions in their
forecasts as the year advances.
Monthly comparisons were
made, using the latest forecasts
available for each month. Because
forecasts of GNP for 1972 began
in October 1971 and were revised
through December 1972, 15 obser-
vations were available for that
year. Forecasts of current-dollar
(nominal) GNP and constant-
dollar (real) GNP were used.
The predictive ability of these
models was evaluated on the basis
of the accuracy of their forecasts



and their consistency. Accuracy
was taken to mean how close aver-
age forecasts came to the actual
value of GNP later reported by the
Department of Commerce. Consis-
tency was taken to mean how_
much individual forecasts varied
over the course of the year.

In choosing, for example, be-
tween two forecasting methods
that were equally accurate, the
preference would be for the one
with forecasts that were tightly
clustered around the actual value.
In the unlikely situation of two
methods with the same average
forecast values, the less consistent
would be the one with forecasts
covering the wider range of values,

Accuracy and consistency

All four models came close to pre-
dicting both nominal and real
GNP in 1971. Neither they nor the
consensus survey produced an
average forecast that differed from
the actual value of current-dollar
GNP by as much as $3 billion—
which was remarkably close for

an economy passing the nominal
trillion-dollar mark. The best aver-
age forecast of nominal GNP over-
shot the nation’s total for the year
by an insignificant $300 million.
The least accurate forecasts came
from the survey.

Two of the models tended to
overestimate real GNP in 1971.
The other forecasters were fairly
close, however, producing averages
that missed real output by less
than $1.5 billion. :

The strength of the economy in
1972 caught most people by sur-
prise. And model builders were no
exception. Performance of all these
forecasters, including the survey,
deteriorated that year, their out-
looks falling short of both the real
and nominal GNP’s actually
reached. One underestimated nom-
inal GNP by an average of more
than $7 billion. But two came
within $2 billion,

6

All five forecasters underesti-
mated real GNP by remarkably
similar amounts in 1972. The total
spread between all five average
forecasts was less than $2.5 billion.

As important as accuracy is, the
lack of precision in forecasting
makes the matter of consistency
equally important. A forecast that
consistently hit fairly close—even
though it might never quite hit the
mark-could be more useful than a
forecast that, while sometimes
very close, often missed badly.

Comparison of the performances
of one model and the consensus
forecast in predicting 1971 nominal
GNP provides a case in point.
Overall, the two forecasts were
about equal in accuracy, but the
model provided a more consistent;
outlook. The largest prediction by
either group was $1,051 billion,
None of the predictions by the
model, however, was smaller than
$1,046 billion. As a result, the
spread in the model’s forecasts was
$5 billion. At one point, the survey
predicted a GNP of $1,043 billion.
And as a result, the spread in the
survey’s forecasts was $3 billion
wider than the model’s,

In the consistency of their real
GNP forecasts, three models per-
formed about equally well with
the survey in 1971, None of these
four groups varied its forecasts
more than $7 billion.

Confidence intervals

Consideration of the range be-
tween the largest and smallest
forecasts ignores other forecasts
produced during the year. If the
range of forecasts produced by two
groups were about the same, the
preference would, of course, be for
the method that issued only one or
two forecasts that were off the
mark instead of one that issued
several bad misges,

One device for taking into ac-
count how many forecasts are close
to the extremes of the ran ge em-

ploys the concept of a confidence
interval. This interval is the range
of values on either side of the 4
average forecast and within which,
with a certain probability, the
actual value is expected to be.

The idea of a confidence inter-
val has already been introduced in
connection with the example of an
econometric study of consumption
behavior. The statement of a hy-
pothetical situation in which “99
times out of 100, consumption
rises between 90 cents and 96 cents
for every $1 rise in income” alludes
to a confidence interval. The in-
terval from 90 to 96 cents consti-
tutes an estimate of the inﬁuex_lce
that a $1 change in income is likely
to exert on consumer spending.

Confidence intervals for the fore:
casts generated by these five
groups were constructed to include
actual GNP 95 times out of 100.
Again, comparisons were based_oﬂl
1971 and 1972 forecasts of nomina
and real GNP,

While the ranges of two model
forecasts of nominal 1971 GNP
were about the same size, the fore-
casts of one were more closely
bunched, leaving a smaller confi-
dence interval. In estimating real
GNP that year, both of these
groups issued forecasts with larger
confidence intervals than the sur-
vey. One provided forecasts of re
GNP spread over a smaller range
than the other. They varied more
within the range, however, causing
the confidence interval to be largelé

Performances in predicting 197
nominal GNP come out about the
same whether the range of fore-
casts or the confidence interval is
used as a basis for ranking. But
the rankings are quite different for
real GNP.

The forecast ranges used as a
criterion for consistency placed
three models in tying positions
with the survey for first place.
With forecast ranges in about the
same position, all four groups cam®




Within $9 billion of predicting real
P at some time during the year.
Several forecasts were in the
Ower reaches of the ranges gener-
ated by the survey and one of the
Models, however. As a result, the
Confidence intervals in these two
Outlooks were inflated. With
sl'Oader confidence intervals, the
t“r" ey and model were forced back
0 third and fourth positions.

SUmming up

E\I?el‘e Was a persistent finding that
a €model did not perform as well
S the others in predicting GNP.
cull-d as a result—despite all the ac-
acy that has been achieved in
Orecasting change with medium
0 arge econometric models—the
notr mo@els, taken as a group, did
e Consistently outperform the
i Stensus o_f economists that base
= St of their predictions on the
Pblication of purely judgmental
19??};;1(111165' Throughout 1971 and
i o tl_ns mod.el ranked behind the
: €Yy 1n predicting both real and
Oming] GNP,
1;h(?ne explanation might be that
Vis model was not as closely super-
ed as the other models. Econo-
mﬁt?c forecasting seems to be
Staccurate where there is a close
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interaction between the model and
the economists using it. By closely
supervising their model, forecast-
ers can adjust both for minor vari-
ations in the model when it seems
to be predicting poorly and for
future events that may seem likely
but have not been allowed for in
construction of the model.

And, of course, GNP is not the
only variable of interest to deci-
sion makers. Future paths of such
variables as unemployment, prices,
investment, and interest rates are
also important. A model that per-
forms well in predicting one set
of variables might not be as precise
in forecasting another.

~Wynn V. Bussmann
Marvin S. Margolis



New member banks

The Executive National Bank, Houston, Texas, a newly organized institution
located in the territory served by the Houston Branch of the Federal Reserve
Bank of Dallas, opened for business April 17, 1973, as a member of the Federal
Reserve System. The new member bank has capital of $400,000, surplus of
$300,000, and undivided profits of $300,000. The officers are: F. O’Neil Griffin,
Chairman of the Board; Larry T. Ogg, President; and Joe M. Ainsworth, Cashier.

The City National Bank of Laredo, Laredo, Texas, a newly organized institution
located in the territory served by the San Antonio Branch of the Federal
Reserve Bank of Dallas, opened for business May 4, 1973, as a member of the
Federal Reserve System. The new member bank has capital of $300,000, surplus
of $150,000, and undivided profits of $150,000. The officers are: Ramiro Sanchez,
Chairman of the Board; J. D. Underhill, President; Dan M. Sanchez, Jr.,

Vice President and Cashier; and James A. Mayo, Jr., Assistant Cashier.

New par banks

The Texas Bank, Lubbock, Texas, an insured nonmember bank located in the
territory served by the Head Office of the Federal Reserve Bank of Dallas, was
added to the Par List on its opening date, April 16, 1973. The officers are:’
Troy Post, Chairman of the Board; B. J. McNabb, President; Don E. Johnson
Vice President and Cashier; and Conrad Schmid, Vice President. ,

The Wright City State Bank, Wright City, Oklahoma, an insured nonmember
bank located in the territory served by the Head Office of the Federal Reserve
Bank of Dallas, was added to the Par List on its opening date, May 1, 1973. The
officers are: L. V. Greene, President, and Edna McLaughlin, (iashier. g .

The Texas Bank of Tatum, Tatum, Texas, an insured nonmember bank loc

in the territory served by the Head Office of the Federal Reserve Bank of D?l?:s
was added to the Par List on its opening date, May 5, 1973. The officers are: ’
Robert Cargill, Chairman of the Board; Paul P. Granbery, Jr., President; and
Tom Allbright, Vice President and Cashier. i i




Cost of Living-

Cities in Southwest
Among Least Expensive

—

glhes in the Southwest continue
imon_g the nation’s least expensive
N which to live. Figures compiled
1{ the Bureau of Labor Statistics
show that; in the fall of 1971, a
aarl?'ﬂy in Austin could typically
otf: 1}e}'e an intermediate standard
ing for $1,563 a year less than
e natlpn’s average urban family.
&lsliv saw:]gs in Houston and Dal-
ere almost as good—$1,077
and $915, respecti%ely.
- Although consumer prices have
Sén sharply since then, bureau
l.'gures show that they have not
1Sen as fast in Dallas and Houston

B
a:dget for family of four
erages less in District cities

=
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as in other metropolitan areas.
And there are indications that this
is part of a continuing trend in

the Southwest.

Costs are lower . ..

Austin was the least expensive of
the 40 metropolitan areas covered
in the bureau’s study of urban
family budgets in 1971. Families
in Austin typically paid only 86
percent as much for an interme-
diate standard of living as the aver-
age urban family paid. In Houston,
the average family paid only 90
percent as much to achieve its
standard of living. And in Dallas,
it paid only 92 percent as much.

One factor that contributes to
the lowering of living costs in these
three cities is the absence of a
state tax on personal income.
With only federal income taxes to
pay, families in Austin paid two-
thirds as much in income taxes
during the study period as the av-
erage urban family in the United
States. In Houston, they paid 72
percent. And in Dallas, they paid
74 percent.

But costs of goods and sexrvices
also totaled less in these three
cities. Of the cost components

making up a typical family budget,
none in Austin was substantially
higher than the urban average for
the nation—-and most were less.
Housing, for example, usually
takes close to a fourth of the
budget of an urban family. And in
Austin, where housing cost only
about 75 percent as much as in the
average city, this item alone went
far in establishing the city as the
least expensive of the nation’s
metropolitan areas.

Only one cost component was
higher than average in Dallas and
Houston. Costs of medical care
averaged 6 percent higher in Hous-
ton and 16 percent higher in Dal-
las. These additional expenses
were more than offset, however, by
the lower costs of housing. In
Houston, housing cost 81 percent
of the urban average. And in Dal-
las, the cost was only 85 percent.

. . . and rising slower

Inflation in consumer prices
reached a crescendo in 1969. Part
of the year, prices rose at an an-
nual rate of more than 6.5 percent.
The rate of increase later slowed
considerably, however. On an an-
nual basis, the rise for a 15-month

PERCENTAGE CHANGES IN URBAN RETAIL PRICES

(Average annual rates)

February 1973
from
November 1971

January 1973
from
QOclober 1971

United United

Item Dallas States Houston States

FOO 5 e e he sty 8.5% 8.2% 7.0% 6.6%
Housing .......- 1.4 3.5 2.8 3.5
Clothing .......- 5.0 1.4 .6 1.0
Transportation ... .2 1.5 -6 2
Medical care .... 3.8 3.4 4.2 3.3

All items . ... .. 3.4% 3.9% 3.0% 3.4%

SOURCES: U.S. Bureau of Labor Statistics
Federal Reserve Bank of Dallas



Only in transportation and medical costs do District cities not fare better than the nation

THOUSAND DOLLARS

THOUSAND DOLLARS

SOURCE: U.S. Bureau of Labor Statistics

U.S. URBAN AVERAGE
/ (FALL 1971)

MEDICAL

CARE

period from the fall of 1971 to
early 1973 averaged 3.4 percent.

Prices in Dallas and Houston
ran below the nation’s average for
comparable 15-month periods.
Components of family budgets
contributing most to the better
price situations in these two cities
were housing and transportation.
Prices of neither item increased as
fast in Dallas and Houston as the
national average in cities. Nor did
the prices of clothing increase as
fast in Houston.

There are also indications that
the better than average perfor-
mance of prices in cities of the
Southwest is part of a continuing
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trend. For one thing, since the
previous family survey taken in
1970, the rise in consumption costs
in Austin, Dallas, and Houston has
been substantially less than the
rise in urban areas nationwide, For
another, prices have been rising
faster in large cities than in small
ones across the nation. And the
Southwest abounds in small cities,

—~William R. McDonough




The BLS’s budget concept

Budget estimates by the Bureau of Labor
Statistics apply for a family of four-a hus-
band and wife (the man being an experi-
enced worker 38 years old and the woman
having no outside employment), a boy 13
years old, and a girl eight. Estimates are
prepared for three standards of living-high,
low, and intermediate.

Although consumption varies with in-
come, the budget at each level provides for
the maintenance of health, continuation of
social wellbeing, nurture of children, and
participation in community activities. The
intermediate life-style is probably the most
typical. The lower-income budget is distin-
guished from the intermediate by the family
performing more services for itself, using
more free recreational facilities, and living
in rented housing with no air conditioning.

The high-income budget represents a man-
ner of living that includes more household
appliances than allowed by the intermediate
budget, more use of paid services, and a
higher incidence of home ownership.

Budget estimates for various locations
show variations in the cost of equivalent
lists of goods and services, but not neces-
sarily the same lists. Different assumptions
are made regarding food, shelter, transpor-
tation, and clothing in different areas. Be-
cause clothing needs are different in various
parts of the country, for example, estimates
of clothing costs in Boston and Houston,
say, can reflect difierences not only in the
prices paid for clothing but also in the
weight and variety needed. Differences in
the costs of medical care, on the other hand,
reflect only the differences in prices.
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